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ABSTRACT. Estimates of the generalised Taylor rule suggest that monetary policy in Poland can
be characterized as having reacted in a moderate fashion to output and inflation gaps and are
strongly dependent on the lagged interest rate. Moreover, as for the majority of central banks the
short-term rate paths are smooth and only gradual changes can be observed. Optimal monetary
policy models in the linear-quadratic framework produce high variability of interest rates, and are
hence inconsistent with the data. One can obtain gradual behaviour of optimal monetary policy
by adding an interest rate smoothing term to the central bank objective. This heuristic procedure
has not much substantiation in the central bank’s targets and raises the question: What are the
rational reasons for the gradual movements in the monetary policy instrument?

In this paper we determine optimal monetary polices in a VAR model of the Polish economy
with parameter uncertainty. By incorporating a proper structure of multiplicative uncertainty in
the linear-quadratic model of the Polish economy we find a data consistent robust monetary policy
rule. Thus proving that parameter uncertainty can be the rationale for ”timid” movements in the
short-interest rate dynamics. Finally, we show that there is trade off between parameter uncertainty
and the interest rate smoothing incentive.

Keywords: Optimal Monetary Policy, Parameter Uncertainty, the Brainard conservatism princi-
ple, Interest rate smoothing, SVAR model
JEL Classification: E47, E52.

1. INTRODUCTION

The fundamental point of the analysis presented in this paper is based on the assumption
that policy makers act in an optimal manner. This hypothesis is consistent with a generally
accepted principle of economics which states that any economic behaviour can be understood as
a problem of constrained optimization (see eg [Tinbergen, 1952] and [Theil, 1961]). It is believed
that this principle should apply to central banks (CBs) as strictly as to the representative firm
or household. However, standard optimal inflation targeting rules obtained in linear-quadratic
models are inconsistent with data and produce a too aggressive policy. Moreover, the majority of
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central bank short-term interest rate paths are smooth and only gradual changes can be observed.
This behaviour has been considered as evidence that monetary policy makers follow the interest-
rate smoothing incentive. In many empirical studies this gradualism can be explained using the
optimal monetary policy models by adding the interest-rate smoothing term to the CBs objective
function [Goodfriend, 1987]. But this heuristic procedure has not much substantiation in central
bank’s targets. [Woodford, 2003b] lists several plausible reasons why policymakers should prefer
”policies that do not require the level of short-term interest rates to be too variable”!.

This paper examines whether gradual movements of optimal interest rates can be explained by
incorporating a proper structure of parameter uncertainty for an optimal central bank with the
sole aim of price and macroeconomic stability. More precisely, we investigate the effects of different
forms of uncertainty in the linear model of the Polish economy on the optimal central bank policy.
In models with parameter uncertainty we minimize the expected value of central bank’s objective
function which is calculated also with respect to the random model’s parameters and as a result
we obtain a so called optimal policy with multiplicative uncertainty (or in short robust monetary
policy).

The Brainard conservatism principle® not always turns out to be fulfilled in dynamic models.
In existing literature this principle is confirmed for a few dynamic models of monetary economy,
but still under the assumption that there is no correlation between the risk and the parameter
uncertainty. An unambiguous answer to the question of whether the correlated uncertainty about
parameters affect optimal monetary policy is not known. One of the main aims of this paper is the
examination of the Braniard principle for Poland in the presence of correlation between random
parameters and exogenous shocks.

The critique by Lucas ([Lucas Jr, 1976]) pays attention to the two-sided relationship between
model parameters and policy rule, and thus to some extent limits the application of optimal macroe-
conomic theory (see [Amman and Kendrick, 2003]). The results of Séderstrém ([Soderstrém, 1999])
and Sack ([Sack, 2000]) are based on the simplest method of identification which is the Choleski
decomposition, whereas in [Salmon and Martin, 1999] authors follow the short run zero restrictions
in variance-covariance decomposition, introduced by [Sims, 1986]. Both procedures are subject to
the Lucas critic. To make our model more robust on the Lucas argument we propose a novel shock
identification procedure based on optimal policy rule (see Section 3.2). The method assumes that
the structure of exogenous shocks is estimated using the restriction put on the impulse response

function of the optimal interest rate rule.

1Using microfoundations in the framework of DSGE models (see Chapter 6 of [Woodford, 2003a]) he derives an
objective function that depends on interest rates squares and an optimal feedback rule that responds to lagged
endogenous variables; and hence in particular it has a smooth course.

2according to which: if the parameter uncertainty at control variable is uncorrelated with endogenous shocks, then
the model gives less aggressive policies (see [Brainard, 1967], [Rudebusch, 2001]).
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As the true model of the economy is unknown, we estimate a dynamic simultaneous equations
model® of monetary transmission mechanism in Poland with parameter uncertainty. We do not
impose any restriction on random model parameters, hence this approach can to some extent
handle model uncertainty. On the basis of the estimated model the optimal paths of macroe-
conomic variables are found and the analysis of impulse response functions (IRFs) with different
stochastic structures of parameters is conducted. Analysing not only these structures of parameter
uncertainty but also controlling the level of Knightian incertitude we compare volatility of macroe-
conomic variables and IRFs from optimal monetary policy models with the empirical model coun-
terparts to find the uncertainty structure which matches closer the optimal policy to data. The
objective function is assumed to reflect two main aims of central banks: price and macroeconomic
stability. We also consider the optimal central bank with the interest rate smoothing term added
to the objective function. We compare the individual influence of two factors: structural uncer-
tainty in macroeconomic dynamics and smoothing term in the objective function on the optimal
unrestricted policy rule. We show that the optimal paths of interest rate from the model with
certainty and positive relative weight at interest rate smoothing term in the objective function can
be nearly approximated by the optimal interest rate derived from the model without smoothing
term, but with appropriately chosen uncertainty parameters.

This paper proposes a general method based on the dynamic programming principle to derive
optimal monetary policy rules with multiplicative uncertainty (see Appendix A). These rules are
those that are the best amongst those that yield an acceptable performance in a specified range of
models described by parameter uncertainty of the structural model. In this paper we propose a new
and simple approach to uncertainty-management with no active learning process, where estimation
and control are separated. We apply dynamic programming methods for general linear systems
to derive exact solutions. Moreover, we assume that the model parameters follow according to a
serially uncorrelated process with an estimated mean and variance at the beginning of the decision
period. This framework helps us to obtain an analytical solution of optimal monetary policy and
makes the counter-factual model simulations feasible in reasonable time. Furthermore, we do not
need to impose any prior assumptions on the parameters distribution.

The paper is organized as follows: In the next section we briefly review the existing literature on
uncertainty in monetary policy. Section 3 introduces the linear model of monetary transmission
mechanism with parameter uncertainty. In Section 4 we derive the solution to the optimal monetary
policy problem with multiplicative uncertainty. Section 5 contains the empirical results where we
compare the optimal monetary policy rules with different structures of model uncertainty. In

Section 6 we conclude our findings.

3Dynamic SEM models are presented in [Liitkepohl, 2005]. Other names for dynamic SEM models that used in the
related literature are vector autoregressive models with exogenous variables (VARX) or distributed lag models.
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2. RELATED LITERATURE ON UNCERTAINTY IN MONETARY POLICY

Researchers and central bank practitioners list several sources of uncertainty that can disturb the

monetary policy rules (see [Goodhart, 1999], [Poole, 1998] , [Greenspan, 2004], [Blinder, 1999],
[Onatski and Williams, 2003], [Woodford and Walsh, 2005]): exogenous shocks which are usually
connected with the risk of the model, random economy parameters with unknown distribution i.e.
Knightian uncertainty and finally data and model uncertainty. In the view of many policymakers
a little stodginess at the central bank is entirely appropriate (see [Blinder, 1999], and the Kohn
comments to [Batini and Haldane, 1999]), since among other things they have little confidence in
estimates of the size of the output gap, the equilibrium interest rate and model parameters. As
noted by Chow (see [Chow et al., 1975]) in general there is no one-sided relationships between the
parameter uncertainty and policy rule. Hence quantitative analysis is required.

In many papers the effect of parameter uncertainty on the performance of the optimal Taylor
rule is analysed. The authors conclude that in parsimoniously parameterized structural models the
parameter uncertainty does not make the optimal Taylor rule attenuated (see [Rudebusch, 2001],
[Estrella and Mishkin, 1999], [Peersman and Smets, 1999], [Smets, 2002] and reference therein).
However, [Estrella and Mishkin, 1999], [Svensson, 1999] demonstrate a positive influence of pa-
rameter uncertainty at the policy variable in the IS equation on central bank gradual decisions.
Other works that also confirm some moderation of optimal policy assume an unrestricted rule and
a VAR model with many lags (see [Soderstrom, 1999] [Salmon and Martin, 1999], [Sack, 2000]) or
many independently distributed parameters in the restricted VAR model (see [Soderstrom, 2002]).
Sack in [Sack, 2000] gets round the problem of random multipliers and replaces the state variable
with its expected value in the previous period, which imply that the central bank cannot respond
to contemporaneous shocks in the economy, and assumes that the expected objective function
depends both on the squared deviations of expected variables from targets, and on the variance
of the targeted variables. This form of uncertainty limits the aggressive movements in the inter-
est rate. Using the Sack approach in [Salmon and Martin, 1999] the authors confirm the same
results for the UK economy. Soderstrom in [Soderstrom, 2002] considers a simple monetary policy
model developed by Svensson [Svensson, 1999]. Under the assumption that random parameters
are independent of structural shocks and have a diagonal variance-covariance matrix he proves that
uncertainty does not necessarily dampen the policy response. Soderstrom shows that parameter
uncertainty at lagged inflation can even increase the optimal response of the interest rate.

Optimal control theory for models with multiplicative uncertainty advice a policy maker how to
make optimal decisions from the point of view of minimizing average loss and when the model ap-
proximates a correct one. Whereas robust control theory tells us how to make good decisions in the
worst case scenario i.e. decision makers minimize worst-case loss (see [Hansen and Sargent, 2008],
[Barlevy, 2011]). Robust policy rules are found assuming that the moments of parameter un-

certainty are not available and by using min-max methods where the maximization is taken
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over the range of parameter values and then we minimize with respect to control variables (cf.
[Kendrick, 2005]). In [Onatski and Stock, 2002], [Giannoni, 2002], [Giannoni, 2007] the authors
using the min-max technique show that the robust optimal policy rule is likely to involve an ag-
gressive response of the interest rate to inflation and the output gap shocks than is the case in
the absence of uncertainty. A systematic approach based on model error modelling to find robust
Taylor-type rules is presented in [Onatski and Williams, 2003], where Bayesian and minimax tech-
niques are compared. The authors noticed that in the Bayesian case the result strongly depends
on prior beliefs of model parameters. With uninformative priors the Bayesian optimal policy rules
were attenuated, whereas for stronger prior beliefs and in the min-max case the Bayesian optimal
and robust rules were more aggressive than in the absence of uncertainty.

As noted in [Blinder, 1999] uncertainty about parameters in optimal monetary policy models
is much more difficult to handle. The usual approach to uncertainty-management in the models
of monetary transmission mechanism is the application of Bayesian decision-making, where the
optimal monetary policy model can be written as the adaptive control problem ([Prescott, 1972],
[Zellner, 1996], [Wieland, 2000]). In this framework active learning and design techniques are
involved and subjective assumption on prior parameters distributions is needed. The Bayesian
approach seems to be an adequate framework for uncertainty-management, but since the updating
equations are non-linear, the determination of an exact solution usually appears to be impos-
sible. As a result numerical approximation is used to find solutions [Easley and Kiefer, 1988],
[Kiefer and Nyarko, 1989], [Zellner, 1996] ) which involves high computational costs. Much re-
search on monetary policy states that optimal central banks face a trade off between control and
estimation since they are uncertain about the model parameters. Moreover, policy actions may
affect the relationships between controls and state variables. Unfortunately the adaptive control
approach has not attracted the attention of economists or central bank practitioners. According
to Blinder [Blinder, 1999] the explanation of this inadvertence is as follows: ”You don’t conduct

experiments on a real economy solely to sharpen your econometric estimates”.

3. MODEL OF THE MONETARY TRANSMISSION MECHANISM WITH UNCERTAINTY

We build an empirical monetary policy model for the Polish economy using the vector autoregres-
sive equations with exogenous variables estimated on the quarterly data for the period 2000-2014.
Let us recall that in 1998, the Monetary Policy Council (MPC) in Poland announced its deci-
sion to adopt an inflation targeting regime. Since 2004 MCP has fixed an inflation target at
the level of 2.5% and has used short run interest rate to bring the inflation as close as possible
to its target constant level of 2.5%. A practical utility of the optimal and risk-sensitive mone-
tary policy rules in a vector autoregressive framework for the Polish economy were presented in
[Milo et al., 2013], [Bogusz et al., 2015b] and [Bogusz et al., 2015a]. In the latter paper authors
shows that risk-sensitive monetary policy rules response stronger to shocks than standard optimal

rules.
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In this paper it is assumed that the economy fluctuation is described by a state vector y, =
GDP;

GDP,’
C/'FTI +, and deviations of real effective exchange rate from its long run trend ¢, = REFE Rt—@t4.
The only tool used by the policy maker to influence the economy state y; is the monetary policy
instrument, ¢, = WIBOR1IM,; — WIEO\RlMt, being the deflection of one month interest rate
WIBOR1M; around its trend value WIBORIM °. The model is described by the following

vector autoregressive specification with present and lagged exogenous prices of oil crude®, oil,, :

[z, 4, q;) consisting of output gap, z; = log deviation of inflation from its target, 7, = C'PI;—

Y = (A+ &) g1 + (B + &) ir—1 + o + Cooily + Cyoily—1 + =
(1) it = Doyt + Dlytfl + EZ’tfl +cp + FoOilt + F10Z‘lt71 + 611;

Yo, 1—1 are given

where: t = 1,2...,T, ¢ = [¢2,&F,¢&]), €l are exogenous shocks such that cov(Z¢,&!|F1) = 07
and cg,c1, A, B, Cqy, Cq, Dy, Dy, E, Fy, F; ~ F; are matrices of parameters obtained from OLS
estimation (sample period 2000.q1-2013.q4, see Appendix B for more details). The Knightian

uncertainty in the model is describe by

3% 3
(2) &= 8= B
& 3

We call the equation for 4; in (1) the empirical interest rate rule and in Section 4 we replace it
with robust optimal momentary rules (11) or (12). Notice that to verify the smoothing effects of
parameter uncertainty on optimal policy rule we analyse the model with only one lag at control
variable i;. Thus the unrestricted optimal flexible inflation targeting rule (12) does not depend on
the lagged i;_1, and therefore the smoothing effect of the optimal interest rate can be explained

by a proper structure of Knightian uncertainty in the model (see Section 5).

3.1. Structures of parameter uncertainty at state and control variables. We consider
three stochastic structures of model uncertainty and the benchmark model with certainty i.e.. &2,
€B = 0. (see Table 1). The first structure of uncertainty assumes that parameters at control

. : . - target .
“Here CPI, stands for inflation, measured using consumer price index, annual percentage changes and CPI/*"9" i

the National Bank of Poland target inflation, GD P, is seasonally adjusted real GD P and @t represents potential
GDP and is obtained by Hodrick-Prescott filter; REER; is real effective exchange rate in Poland, 2010q1=100,
seasonally adjusted and @Rt is Hodrick-Prescott trend of real effective exchange rate.

SWIBORIM ¢ is estimated long-term trend of interest rate in period ¢ (seasonally adjusted, Hodrick-Prescott filter)
S0il, is oil Brent price in period ¢ per barrel in the Polish zloty at constant prices of 2010.

TFi = o(i_1,y0, (0ils) g, (ES)i_y, (€0)_,, (€2)_,, (€B)_)) is o- algebra of events observed up to the period
t. The condition cov(Z¢,et|F;_1) = 0 means that the monetary policy shock €: does not have instantaneous
impact on macroeconomic variables y; which is consist with the observation that nominal and real rigidities prevent
economy agents from the instantaneous adjustments. Moreover, the empirical interest rate rule assumes that there
is immediate dependence of i; on exogenous shocks =¢ passed by the term Dgy;. This partial structure of shock is
consistent with models describe in [Bernanke and Blinder, 1992], [Sack, 2000].

S
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variable are random. In the second we add the uncertainty to parameters at state variables
and assume that they are uncorrelated with each other and with the exogenous shocks. The last
stochastic structure of the model allows for correlations between random parameters and exogenous
shocks. In all the above considered version of model (1) we assume that shocks in period ¢ have zero
conditional mean given that F;_;, covariance matrix of exogenous shocks satisfies cov (Z§|F—1) =
e, cov (€| Fi1) = o, cov (25,6 F-1) = 0, and cov (&2, En | Fio1) = cov (8,68 | Fi1) =
cov (&8, &8 | Fi-1) = 0 for all ¢ > 0 and m,n € {1,2,3},m # n. The last conditions reflect lack
of correlation between uncertainty shocks of different equations.

Moreover, in the model with correlated uncertainty it is assumed that for all n,m = 1,2, 3,

m # n we have

(3) cov(ém | Fic1) = Smoas  cov(Em 5| Fim1) = S aze
COU(fYBth/—';g,l) = O-rQn,Ba COU(&T]?L,M Eﬂft*l) = Em,BEeu

cov (5;:,157 55,1& |-7:t—1) = Y AB;

where the variance-covariance matrices X, A, X AzZe, 2m B¢, 2m,AZe, OmB are estimated at
the beginning of decision period (see Appendix B). In the model with uncorrelated uncertainty we
assume that all covariances between parameters, and exogenous shocks and parameters disappeared
ie. Ypaze =0, Xupze = 0, ¥oap = 0 and X, o is diagonal for all m € {1,2,3}. The last
structure of shocks assumes uncertainty only in parameters at control variable (i;), hence here we
assume that X, aze = 0, ¥, 8ze =0, X, ap = 0 and X, o = 0 for all m € {1,2,3}.

Having variances and covariances of shocks we define the uncertainty operators Ga : M (4 x 4) —
M4 x4), Gg : M(4x4) — R, Gap : M(4x4) — R Ga=z : M(4x4) — R* Gge :
M (4 x 4) — R by the following formulae:®

(4) Ga(K)=un-33 _ kpmSma, Gaz(K) =un-32_ 33 _ kpmSn azelm,
Gg (K) =un- anzlkmmag%B, , Ge=(K) =un-22_ 32 _ kpmSn Bzm,

GAB (’C) =un - E?nzlk‘mmszAB

for all IC = [knm]4za, Where vectors eg, s, e3 forms the canonical orthonormal basis in R? and where
parameter un € {0,1,2,3} measures the degree of Knightian uncertainty in the model.

Table 1 shows the relationship between the stochastic structure of the model and uncertainty
operators. Operator G5 reflects the uncertainty of parameters A at state variable, Gg contains
the randomness of parameters B at control variable, whereas G g measures both variability of
all random parameters and correlation between them. Operators Gaz, Gz are created from
covariances between parameter uncertainty shocks and exogenous shocks. Notice that if there is

certainty of model parameters (un = 0), then all uncertainty operators are equal to zero.

8M (m x n) stand for the linear space of m x n matrices.
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TABLE 1. Monetary transmission models with certainty and uncertainty

] model version

\ uncertainty operators

model with certainty

model with uncertainty at control variable
model with uncorrelated uncertainty
model with correlated uncertainty

none, un =0

Gg,un >0

Ga,Gg,un >0

GA,GB, GAB, GAE; GBE,UH >0

3.2. Shock identification. In the previous Section we have imposed the following partial struc-

ture of exogenous shocks:

€t

<5> [ Ef ] _ Py 03 55
€ Py Py 2F

S

where 7 &7 el el are fundamental shocks in the economy called demand, price, exchange rate
and interest rate shocks, respectively. Notice that Py, Poy, Poo satisfy P2_21P21P1_11 =1- D,
3¢ = PP}, and 0 = P%,. The exogenous shock structure (5) has been considered by many
scholars (see [Sack, 2000], [Bernanke and Blinder, 1992]). The structure assumes that CB can
respond to contemporaneous state economy shocks e7,ef, el (or equivalently contemporaneous
economy variables x;, m;,q) when setting the interest rate, but also that the interest rate shock
does not have a contemporaneous impact on the economy y,. In order to identify the system (1)
we have to add three more restrictions on matrices Py, Po;. In the optimal and robust monetary

models we replace the empirical policy rule:
iy = ¢y + Doy+Dy y, 1 +Ei,_ 1 +Fooil+F0il,_,+¢!

by its optimal counterpart (see (11) or (12)) and make the shock identification procedure complete
by imposing all three possible zero restrictions on elements of matrix Py; and analysing the signs
of the impulse response functions (IRFs) of optimal interest rates in the model with certainty. We
choose the matrix Py; which gives contractionary response of the optimal interest rate to demand,
ef, and price, ], shocks and expansionary response to the exchange rate shock (appreciation of

the Polish zloty), . This identification procedure give the following estimates:

0.006088  0.001368 0O
Pu=1]0 0.006926 0
—0.00407 0.006615 0.029523

P, — [ 0.00114 0.00032 0.00034] P, — 0.00282.

We believe that including the optimal policy rule into the shock identification limits to some extent

the Lucas critic.
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4. OPTIMAL MODEL OF MONETARY POLICY UNDER UNCERTAINTY

For the optimal central banks we assume the following inter-temporal quadratic loss function which
defines the CB objective.

S
—

d 1
Z”yt (77 + Azf) + vy

t=0 t

(6) L= ’Yt(it - Z‘t71>2

DO | —
Il
(e

where 7 is a discount factor, the weight at deviation of inflation from its target is normalized to
one, A determines the relative weight of the deviations of GDP, v is an interest rate smoothing
parameter of L. We consider two types of optimal central bank. The first only wants to stabilize
both prices and the output gap, thus the bank follows flexible inflation targeting i.e. policy makers
assume that A > 0, = 0 in (6). The second optimal CB follows the flexible objective function
with interest rate smoothing incentive, hence policy makers choose the loss function (6) with
A > 0,v > 0. Notice that we consider a finite decision horizon 7. Therefore, the following control
problem is solved by the optimal CBs:
(7) min [E (L|Fy) subject to

(it)i—o €I
(8) yr = (A+ &) g1 + (B+EP) i1 + co + Cooily + Cyoily_y + Pyisf

Yo is given and ¢t = 1,2,...,T.

where Zr = {(i))=' : it = it(yo,v1.,9) € R, t = 0,1,..,T — 1}. The excepted value in (7)
is taken with respect to two sources of randomness: exogenous shocks e = [ef,eT, ef] and pa-
rameter uncertainty shocks &*, &P and can be interpreted as the excepted risk function (see
[DeGroot et al., 1981]). Moreover, if un > 0, then the solution i} to (7)-(8) takes into account
the perturbations £2, €2 to the estimated model parameters and in this way i} constitute robust
monetary policy with respect to model uncertainty.

In Appendix A the solution to the general linear—quadratic optimal control problem with mul-
tiplicative uncertainty is presented. Here we apply these results in order to derive the formula
for optimal and robust monetary policy rules. As the objective function of CB with interest rate
smoothing incentive contains lagged control variables we need to use the following state space
representation of (8) to derive the optimal monetary policy. Let X; = [y;,4;_1]' be a new state

variable, then X; satisfies the equation of the form:

(9) Xip1=dy + (A + fﬁl)xt + (B + fgﬂﬂ)ut + &4t
A 0] A B B
where u; = i; is a control variable, A = , §§ = & , B = ) f? = & )
0 0 0 0 1 0
Cooil; + Cyoil,_ Pcd |
d, = Co + Coot t0+ 10t-1 ] &1 = 158t . The expected loss function in the new state
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space takes the following form:

(10) E(L|Fo) = <27 (QiXe, Xy) + E_:Vt (<FtXt7ut> + % (Reuy, Ut>)> ;

0
where Q; = [? ] for t = 0,1,...T — 1, Qr = [
v

F =1[0,0,0, —v]. Therefore, the optimal monetary policy with uncertainty is the solution to the
problem of minimizing (10) subject to (9).

Applying Theorem 2 from Appendix A to the optimal monetary policy problem (10)-(9) we
obtain the formulae for flexible inflation targeting policy with interest rate smoothing incentive (
v>0):

(11) iy = Gilys i ] + g,

and for the flexible inflation targeting monetary rule (v = 0):

(12) i; = Projs(Gy)y; + gi,

where

(13) Gi= =Ry (BKipA+F +Gp(Ki))

(14) gt = —’YRt]B/(ICtHdtH +Pt+1) - ’YRtGBg(’CtH);
(15) ,R,t = (V + “/GE(ICt+1) + ’YIB/ICH_JB) B

where (K;)L, is the solution to the Riccati recursion (see Appendix A eq. (22)), (p:)L, satisfies
(23). The red terms in (11) and in (22)-(23) indicate dependence of optimal monetary rule on
the stochastic structure of parameter shocks . Thus the policy does not follow the equivalence
principle (see [Simon, 1956], [Theil, 1957]) and takes into account not only the means but also
the variances and covariances of shocks. The last property makes the optimal interest rate to be
robust on uncertainty of model parameters. Notice that the optimal central bank with interest
rate smoothing incentive implement the policy rule given by (11), which assumes some amount
of persistence as it depends on lagged interest rate. Whereas for the optimal central bank which
focuses only on price and output stability and follows the equation given by (12), where there is
no lagged policy instrument, we can obtain persistence of interest rate by the effect of parameter

uncertainty.

9Notice that in (9) the uncertainty shocks affect only first coordinate of X; thus the uncertainty operators are given

by (4) i.e. Gy = Ga, Gg = GB, Gag = GaB, Gae = Gaze, Gge = Gpz=-
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5. EMPIRICAL RESULTS

In this section we consider the simulation on the optimal and robust monetary transmission models
(8) with two parametrization of the objective function and four structures of exogenous shocks (see
Table 2). In Scenarios 1,3,4,5 we assume flexible inflation targeting, whereas only in Scenario 2

we add to the central bank objectives an interest rate smoothing incentive term. Scenarios 1

TABLE 2. Experiments on monetary models

| Scenario | |
1 optimal inflation targeting policy in the model with certainty
(un =0, A=0.2,v =0)
2 optimal inflation targeting with interest rate smoothing in-

centive in the model with certainty
(un =0, =0.2,v = 0.55)

3 robust inflation targeting policy in the model with correlated
uncertainty
(un > 0,corr =1, A=0.2,v =0)

4 robust inflation targeting policy in the model with uncorre-

lated uncertainty

(un > 0,corr =0, A=0.2,v =0)

) robust inflation targeting policy in model with uncertainty at
control variable

(un > 0,corr = 0,64 =0, A=0.2,v =0)

and 2 constitute two benchmark monetary policy models with certainty of model parameters. In
the second group of simulations (Scenarios 3, 4 and 5) there is a positive uncertainty about model
parameters and at the same time there is no smoothing interest rate term at CB objective function.

We calibrate the relative weight of output gap A = 0.2 in objective function based on the
estimated DSGE model of the Polish economy [Baranowski et al., 2013] and the quadratic approx-
imation of the wealth function (cf. [Gali, 2009], [Polito and Wickens, 2012]). Then the smoothing
parameter v = 0.55 is calibrated in such a way that makes the distance between the optimal
monetary policy rule with smoothing term at objective function (Scenario 2) and robust monetary
policy rule with un = 3 and uncorrelated uncertainty (Scenarios 4) to be minimal.

We assume that the decision horizon equal to T' = 24 quarters, which corresponds to the length
of the term in office of the Monetary Policy Council in Poland or can be approximately equal to
the time of Poland’s entrance to Eurozone. After Poland’s accession to the European monetary
union the Polish economy will undergo structural changes and as consequence before this moment
one can expect an increase in model uncertainty.

There are several methods to implement optimal policy experiments, which differ in the amount
of information used (see Section 4.2 in [Polito and Wickens, 2012]). In this paper in all the exper-

iments we assume that in each period, the policy is re-optimised with decision horizon reduced by



12 MARIUSZ GORAJSKI

one compared to the previous period, i.e. at the beginning we find the policy instrument with finite
decision horizon T, in the subsequent quarter we determine the policy with horizon T — 1, and
after T'— 1 periods we make the decision about interest rate taking into account that it will affect
the economy only in one quarter ahead. This assumption takes into account that after 7" periods
from the initial moment, the economy will undergo structural change (such as Eurozone accession)
which leads to among others different policy instruments. We make the unrealistic assumption
that the first two moments (mean, variances and covariances) of the VAR parameters and the
values of exogenous variable (oli;) are known for the whole decision period. Then we reconstruct
the VAR paths for both the optimal (un = 0) and robust (un > 0) policy rules by computing the
optimal values of the policy instruments and the one-period-ahead forecasts of the state variables

using actual and past values of the state vector and current period disturbances =.

5.1. Optimal and robust trajectories without interest rate smoothing. In this section we
solve several versions of the optimal CB problem (7)-(8) under the assumption that policy makers
do not follow the interest rate smoothing incentive. Using the results presented in Section 4 the
optimal and robust policy rule is given by (12). Figures 1- 3 present the optimal and robust paths
of macroeconomic variables for Scenarios 1, 3, 4, 5 (see Table 2) with different levels of uncertainty
parameter un = 0,1,2,3'%. The optimal policy in certainty (Scenario 1) is very osculating and
thus unrealistic. There are periods where optimal nominal interest rates are strictly below the
zero level eg —3% in 2012¢2 and —1% in 2013q2. In Table 3 volatility measures of robust and
optimal solutions are compared with each other and with their actual counterparts. In models
a with high level of uncertainty un = 3 the interest rates are over the zero level bound and the
standard deviation of the optimal interest rate decreases with the positive uncertainty parameter
and reaches minimum equal to 1.23 p. p. at un = 3 for the model with uncorrelated uncertainty
(Scenario 4). Hence by taking into account the parameter uncertainty we observe the interest rate
smoothing effect, however the actual policy is sightly more gradual, where the standard deviation
measure is 0.93 p.p.. The robust momentary policy causes that the optimal inflations C'PI* for
un = 1,2, 3, presented on the Figures 1-3, wander off slightly from its target level as uncertainty
increases. But robust inflation paths are still closer to the inflation target than the empirical path
of inflation. The standard deviations of the optimal and robust inflations rate from the target
belongs to the interval (0.50 p.p, 0.89p.p) while the average standard deviation of their empirical
counterpart is equal to 1.39 p.p.

Moreover, strong fluctuations of optimal interest rate cause relatively large changes of the opti-
mal output gap (see Table 3), but all optimal and robust paths of output gap are less fluctuating
than historical trajectories. Under our versions of the model CB’s monetary rule with and without
parameter uncertainty brings also grater REER* fluctuations than the actual monetary policy
OFigures 1- 3 present the trajectories of the following variables: interest rate (top left panel), inflation (top right

panel), output gap (bottom left panel), exchange rate (bottom right panel), where subscripts * means the optimal
path and superscript hat indicates the empirical trend path.
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TABLE 3. The standard deviation measures in p.p, |z| = (/% > 27.
t=1
| Scenario lun | |z | [ | J=*] | ¢ |

0.51% | 3.06% | 0.89% | 9.28%
0.50% | 2.08% | 0.87% | 8.76%
0.51% | 1.76% | 0.88% | 8.63%
0.53% | 1.59% | 0.89% | 8.58%
0.52% | 2.25% | 0.89% | 8.71%
0.64% | 1.58% | 0.93% | 8.09%
0.89% | 1.23% | 0.99% | 7.56%
0.52% | 2.29% | 0.89% | 8.77%
0.59% | 1.66% | 0.92% | 8.27%
0.72% | 1.35% | 0.96% | 7.95%

[ Actual [ - [1.39% [ 0.93% [ 1.19% | 5.90% |

1 (un =0, A=0.2,vr=0)

3 (un > 0,corr =1, A=0.2,v =0)

4 (un > 0,corr =0, A =0.2,v =0)

5 (un > 0,corr = 0,64 =0, A =0.2,v=0)
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F1GURE 1. The actual, optimal and robust trajectories in Scenarios 1 and 3.
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F1GURE 2. The actual, optimal and robust trajectories in Scenarios 1 and 4.

reflected in the empirical series of REER. Furthermore, all optimal and robust trajectories with
different levels of uncertainty have the same turning points, while the optimal trajectory of interest
rates, inflation and the output gap differ from historical counterparts. The optimal policy rules are
better, in terms of implementation of strict inflation targeting than the realized policy in Poland
in the period 2008q1-2013q4.

From the above we can conclude that there is a classical trade off between variability of policy
instrument and closeness of target variables (inflation, output gap) to their targets. Moreover, for
a high level of parameter uncertainty un = 2,3 the correlation between parameters distribution
increases the volatility of robust interest and exchange rates correspondingly it makes the average
3 and

uncorrelated uncertainty (Scenario 4) turns out to be the closest to actual data for the Polish

distance between inflation and inflation target smaller. Finally, the model with un

economy in period 2008q1-2013q4.

5.2. Uncertainty vs interest rate smoothing. In this section we compare the effect of adding

the interest rate smoothing term to the CB objective with the influence of parameter uncertainty on
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FI1GURE 3. The actual, optimal and robust trajectories in Scenarios 1 and 5.

the variability of policy rule. The results shows that there is a trade off between model uncertainty
and the interest rate smoothing incentive in CB objective function (see Table 4 and Figure 4). In
Table 4 we collect the variability measures from three scenarios. The first two include the models
without parameter uncertainty (Scenarios 1 and 2), and only in Scenario 2 we have the interest rate
smoothing term in the central bank objective function. We compare them to the data consistent
model found in the previous section (i.e. Scenario 4 with un = 3).

It turns out to be possible to calibrate the smoothing parameter v = 0.55 in such a way that
the distance between the optimal monetary policy rule with smoothing term at objective function
(Scenario 2) and robust monetary policy rule from Scenario 4 with un = 3 is minimal (see Table
41y, Hence this proves that the gradual movements of interest rate commonly observed in much
empirical data can be explained by the optimal monetary policy models not only by adding interest
rate smoothing term to the CB objective but the same behaviour of interest rate can be obtained

from the robust monetary transmission model with an appropriate level of parameter uncertainty.

HOur simulations confirm that this result seems to be robust with respect to the values of X € (0, 5)
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[ T
TABLE 4. The standard deviation measures in p.p, |z| = (/% > 27.
=1

| Scenario lun | |7 | [ ] |2t | ¢t
1 (un =0, A=0.2,v=0) 0 | 0.51% | 3.06% | 0.89% | 9.28%
2 (un=0,A\=0.2,v =0.55) 0 [0.84% | 1.23% |1.03% | 7.68%
1 10.52% | 2.25% | 0.89% | 8.71%
4 (un=1,2,3,corr =0, A=02,v=0) | 2 | 0.64% | 1.58% | 0.93% | 8.09%
3 10.89% | 1.23% | 0.99% | 7.56%

| Actual | - ] 1.39% | 0.93% | 1.19% | 5.90% |
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FIGURE 4. The actual, optimal and robust trajectories in Scenarios 1,2 and 4.

5.3. Impulse response analysis. The next part of the paper includes a comparison of impulse
response functions (IRFs) obtained from the VAR model with those from the optimal and robust
models.

In the Figures 5, 6, 7 for the VAR model we put a black continuous line for the average IRF paths
and dashed red lines for their mean +2 standard deviation. Coloured continuous lines represent
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IFRs in optimal and robust models with different types or levels of uncertainty. In the first four
rows of each panel of Figures 5, 6, 7 we present the effects of exogenous shocks on the output
gap, inflation, interest rate and real effective exchange rate, respectively. The last row contains
responses of the output gap, inflation and interest rate to demand, price and interest rate shocks,
respectively.

Figure 5 presents IRFs in Scenarios 1 and 4.Notice that the impulse response functions in the
VAR model and models with robust and optimal monetary rules are economically plausible, but the
latter exhibit different shape patterns than those of the VAR model. All the responses of optimal
and robust WIBOR1M* to price (¢7), demand (¢*) and exchange rate (¢7) shocks have a maximum
level at the beginning and are significantly stronger than hump-shaped patterns of WIBOR1M
reactions from the VAR model. Moreover, we can observe an interest rate smoothing effect via
uncertainty. For the models with certainty or with small values of the parameter uncertainty
(un = 0,1) we observe very aggressive reactions of optimal monetary rules to the exogenous
shocks, but as un goes up these responses become up to 3 times lower, simultaneously the time
of the return of the robust interest rate to equilibrium is longer. Furthermore, a stabilizing effect
after monetary policy shock on the output gap and on C'PI is present in models with optimal
and robust momentary policy. Hence, in particular the costs of monetary policy tightening in
terms of output losses are also significantly lower than in VAR model. Moreover, the responses
of REER*, WIBOR1M* to monetary shock ! in the optimal policy model are very aggressive,
but the robust polices attenuate them and make the return of all variables to steady state after
interest rate shock longer.

In Figure 6 we compare the IRFs of models with different structures of uncertainty. Adding cor-
relation between random parameters and exogenous shocks has an effect in the opposite direction
by increasing the maximal reaction of policy instrument to demand (£7) and price (¢]) shocks and
shortens their time of return to equilibrium. We can also observe that the correlation structure of
parameters decreases slightly the time at which inflation, output gap and interest rate is at steady
state after the interest rate shock.

Finally, Figure 7 presents IRFs of the model from Scenario 2 - with a positive interest rate
smoothing parameter v = 0.55, and compares it with the reaction from the optimal policy model
(Scenario 1) and the data consistent robust monetary policy model (Scenario 4). We can observe
the considerable similarity between the IRFs in Scenarios 2 and 4 (green and red lines). Scenario
2 gives slightly less oscillating reactions of WIBOR1M*, and the maximum response of inflation
is somewhat stronger.

Next we calculate the feedback VAR horizons and the optimal horizons (see Table 5) defined as
the time at which inflation should be on target (90% of maximal response vanishes) in the future
after one standard deviation shock in the VAR model and optimal and robust models, respectively
(cf. Batini, N. and Nelson, E. (2001)). From Tables 5 we conclude that all optimal horizons are
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shorter than the feedback VAR horizons, especially for shock from target (¢7) and instrument (%)
variables the difference is striking. Moreover, in Scenarios 3, 4, 5 (i.e. in models without interest
rate smoothing incentive) for the monetary policy impulse ¢ the model uncertainty makes the
return of optimal inflation longer by as much as 5 quarters in Scenarios 4. At the same time
the increase in parameter un does not change significantly the time of return of inflation after
the demand shock €”. Finally, comparing the times of inflation return to equilibrium we are able
to match closely the model with interest rate smoothing incentive (Scenario 2) with the model
with uncorrelated uncertainty structure (Scenario 4 with un = 3). The last observation is another

confirmation of the trade off between interest rate smoothing and model uncertainty.

TABLE 5. VAR policy horizons and optimal policy horizons (in quarters of a year).

models with certainty | &7 | €7 | &f | &

Scenario 1 1212 |13] 3
’ Scenario 2 \8\6\8\9‘
| VAR (17141619 |
| models with uncertainty | Scenario 3 | Scenario4 | Scenario 5 |
un ef |eT el |et | eF |eT |ef|et|ef |eT |ef | et
1 113 (814|113 |8]412|3 /915
3 95| 7|7|11|6 | 7912|4919

6. CONCLUSIONS

This paper proposes a general method based on the dynamic programming principle to derive
optimal monetary policy rules with multiplicative uncertainty. These rules are robust with respect
to parameter uncertainty of the structural model thus they yield a data consistent paths of short
run interest rate.

For Polish quarterly data in the period 2008-2014 we find optimal and robust monetary policy
rules. We notice that standard optimal rules with parameter certainty are inconsistent with data,
they produce a very aggressive policy. However, the standard deviation of the robust interest
rate decreases with positive parameter uncertainty. With a high level of uncertainty the optimal
policy model matches closer actual data and generates significantly smoother and less oscillating
impulse responses of interest rate and exchange rate. Therefore, our findings confirm the Brainard
conservatism principle.

A high level of model uncertainty is also responsible for interest rate smoothing behaviour
commonly presented in empirical data. We confirm that there is a trade off between parameter
uncertainty and the interest rate smoothing incentive. However, the correlation between param-
eters uncertainty influence conversely and cause an interest rate response to shock increases in

magnitude and the time of return to equilibrium is shorter.



22 MARIUSZ GORAJSKI

Finally, the stabilizing effect of parameter uncertainty on IRF's of state variables to monetary
policy shock is confirmed. All optimal horizons are shorter than the feedback VAR horizons,

especially for price €7 and monetary policy € shocks.

7. ACKNOWLEDGEMENT

The author gratefully acknowledges the financial support from the funding programme for young

researchers at the Faculty of Economics and Sociology, University of Ldodz.

REFERENCES

[Amman and Kendrick, 2003] Amman, H. M. and Kendrick, D. A. (2003). Mitigation of the lucas critique with
stochastic control methods. Journal of Economic Dynamics and Control, 27(11):2035-2057.

[Baranowski et al., 2013] Baranowski, P., Gorajski, M., Malaczewski, M., and Szafranski, G. (2013). Inflation in
Poland under state-dependent pricing. Technical report, Aboa Centre for Economics.

[Barlevy, 2011] Barlevy, G. (2011). Robustness and macroeconomic policy. Annu. Rev. Econ., 3(1):1-24.

[Batini and Haldane, 1999] Batini, N. and Haldane, A. (1999). Forward-looking rules for monetary policy. In Mon-
etary policy rules, pages 157-202. University of Chicago Press.

[Bernanke and Blinder, 1992] Bernanke, B. S. and Blinder, A. S. (1992). The federal funds rate and the channels
of monetary transmission. The American Economic Review, pages 901-921.

[Blinder, 1999] Blinder, A. S. (1999). Central banking in theory and practice. Mit press.

[Bogusz et al., 2015a] Bogusz, D., Gérajski, M., and Ulrichs, M. (2015a). Optymalne strategie polityki pieninej dla
polski uwzgldniajce wraliwo banku na ryzyko nieosignicia zaoonego celu. Materiay i Studia NBP, 317.

[Bogusz et al., 2015b] Bogusz, D., Gérajski, M., and Ulrichs, M. (2015b). Strict vs flexible inflation targeting in
the optimal monetary policy model for Poland. Przegld Statystyczny, 62(4):379-396.

[Brainard, 1967] Brainard, W. C. (1967). Uncertainty and the effectiveness of policy. The American Economic
Review Vol. 57, No. 2, pages 411-425.

[Chow et al., 1975] Chow, G. C. et al. (1975). Analysis and control of dynamic economic systems. Wiley.

[DeGroot et al., 1981] DeGroot, M., Bracha, C., and Czakaniski, M. (1981). Optymalne decyzje statystyczne.
Panstwowe Wydawnictwo Naukowe.

[Easley and Kiefer, 1988] Easley, D. and Kiefer, N. M. (1988). Controlling a stochastic process with unknown
parameters. Econometrica: Journal of the Econometric Society, pages 1045-1064.

[Estrella and Mishkin, 1999] Estrella, A. and Mishkin, F. S. (1999). Rethinking the role of nairu in monetary policy:
implications of model formulation and uncertainty. In Monetary Policy Rules, pages 405-436. University of Chicago
Press.

[Gali, 2009] Gali, J. (2009). Monetary Policy, Inflation, and the Business Cycle: An Introduction to the New
Keynesian Framework. Princeton University Press.

[Giannoni, 2002] Giannoni, M. P. (2002). Does model uncertainty justify caution? robust optimal monetary policy
in a forward-looking model. Macroeconomic Dynamics, 6(01):111-144.

[Giannoni, 2007] Giannoni, M. P. (2007). Robust optimal monetary policy in a forward-looking model with param-
eter and shock uncertainty. Journal of Applied Econometrics, 22(1):179-213.

[Goodfriend, 1987] Goodfriend, M. (1987). Interest rate smoothing and price level trend-stationarity. Journal of
Monetary Economics, 19(3):335-348.



ROBUST MONETARY POLICY WITH PARAMETER UNCERTAINTY 23

[Goodhart, 1999] Goodhart, C. (1999). Central bankers and uncertainty. In PROCEEDINGS-BRITISH ACAD-
EMY, volume 101, pages 229-272. OXFORD UNIVERSITY PRESS INC.

[Greenspan, 2004] Greenspan, A. (2004). Risk and uncertainty in monetary policy. American Economic Review,
pages 33-40.

[Hansen and Sargent, 2008] Hansen, L. P. and Sargent, T. J. (2008). Robustness. Princeton University Press.

[Judge et al., 1988] Judge, G. G., Hill, R., Griffiths, W., Lutkepohl, H., and Lee, T.-C. (1988). Introduction to the
Theory and Practice of Econometrics.

[Kendrick, 2005] Kendrick, D. A. (2005). Stochastic control for economic models: past, present and the paths ahead.
Journal of Economic Dynamics and Control, 29(1):3-30.

[Kiefer and Nyarko, 1989] Kiefer, N. M. and Nyarko, Y. (1989). Optimal control of an unknown linear process with
learning. International Economic Review, pages 571-586.

[Lucas Jr, 1976] Lucas Jr, R. E. (1976). Econometric policy evaluation: A critique. In Carnegie-Rochester conference
series on public policy, volume 1, pages 19-46. Elsevier.

[Liitkepohl, 2005] Liitkepohl, H. (2005). New Introduction to Multiple Time Series Analysis. Springer.

[Milo et al., 2013] Milo, W., Bogusz, D., Gérajski, M., and Ulrichs, M. (2013). Notes on some optimal monetary
policy rules: the case of Poland. Acta Universitatis Lodziensis. Folia Oeconomica, Financial Markets and Macro-
prudential Policy, 295:59-77.

[Onatski and Stock, 2002] Onatski, A. and Stock, J. H. (2002). Robust monetary policy under model uncertainty
in a small model of the us economy. Macroeconomic Dynamics, 6(01):85-110.

[Onatski and Williams, 2003] Onatski, A. and Williams, N. (2003). Modeling model uncertainty. Journal of the
European Economic Association, 1(5):1087-1122.

[Peersman and Smets, 1999] Peersman, G. and Smets, F. (1999). The taylor rule: a useful monetary policy bench-
mark for the euro area? International Finance, 2(1):85-116.

[Polito and Wickens, 2012] Polito, V. and Wickens, M. (2012). Optimal monetary policy using an unrestricted
VAR. Journal of Applied Econometrics, 27(4):525-553.

[Poole, 1998] Poole, W. (1998). A policymaker confronts uncertainty. Federal Reserve Bank of St. Louis Review,
80(September/October 1998).

[Prescott, 1972] Prescott, E. C. (1972). The multi-period control problem under uncertainty. Fconometrica: Journal
of the Econometric Society, pages 1043-1058.

[Rudebusch, 2001] Rudebusch, G. D. (2001). Is the fed too timid? Monetary policy in an uncertain world. Review
of Economics and Statistics, 83(2):203-217.

[Sack, 2000] Sack, B. (2000). Does the fed act gradually? A VAR analysis. Journal of Monetary Economics,
46(1):229-256.

[Salmon and Martin, 1999] Salmon, C. and Martin, B. (1999). Should uncertain monetary policymakers do less.
Monetary Policy Under Uncertainty. Reserve Bank of New Zealand.

[Simon, 1956] Simon, H. A. (1956). Dynamic programming under uncertainty with a quadratic criterion function.
Econometrica, Journal of the Econometric Society, pages 74-81.

[Sims, 1986] Sims, C. A. (1986). Are forecasting models usable for policy analysis? Federal Reserve Bank of Min-
neapolis Quarterly Review, 10(1):2-16.

[Smets, 2002] Smets, F. (2002). Output gap uncertainty: does it matter for the taylor rule? Empirical Economics,
27(1):113-129.

[Soderstrom, 1999] Soderstrom, U. (1999). Should central banks be more aggressive? Technical report, Sveriges
Riksbank Working Paper Series.



24 MARIUSZ GORAJSKI

[Soderstrom, 2002] Soderstrom, U. (2002). Monetary policy with uncertain parameters. The Scandinavian Journal
of Economics, 104(1):125-145.

[Svensson, 1999] Svensson, L. E. (1999). Inflation targeting: some extensions. The Scandinavian Journal of Eco-
nomics, 101(3):337-361.

[Theil, 1957] Theil, H. (1957). A note on certainty equivalence in dynamic planning. Econometrica: Journal of the
Econometric Society, pages 346-349.

Theil, 1961] Theil, H. (1961). Economic forecast and policy, vol. xv of contributions to economic analysis.
Tinbergen, 1952] Tinbergen, J. (1952). On the theory of economic policy.

Whittle, 1996] Whittle, P. (1996). Optimal control: basics and beyond. John Wiley & Sons, Inc.

Wieland, 2000] Wieland, V. (2000). Monetary policy, parameter uncertainty and optimal learning. Journal of
Monetary Economics, 46(1):199-228.

[Woodford, 2003a] Woodford, M. (2003a). Interest and prices. Princeton University.

[Woodford, 2003b] Woodford, M. (2003b). Optimal interest-rate smoothing. The Review of Economic Studies,
70(4):861-886.

[Woodford and Walsh, 2005] Woodford, M. and Walsh, C. E. (2005). Interest and prices: Foundations of a theory
of monetary policy.

[Zabczyk, 1996] Zabczyk, J. (1996). Chance and decision. Stochastic Control in Discrete Time, Quaderni, Scuola

Normale Superiore, Pisa.

[Zellner, 1996] Zellner, A. (1996). An introduction to Bayesian inference in econometrics.

APPENDIX A
Let (92, F,P, (Fi)i=01...) be a probability space with filtration.
Lemma 1. Let Z,z and U,u be random vectors of dimensions n x 1 and m x 1, respectively,

moreover, let Z = [Z1, ..., Z)jsn, U = (U1, ..., UL}

matrices such that z, u,A are Fy-measurable for some t > 1. Then, we have:

exm Ond A = [a;ilnxk, B = [bijlmxn be random

(16) E((BZ,U) |F) = (BE(Z|F), E(U|FR)) + tr(BS: 2v)
(17) E({(AZz,U) |F) = (AE(Z|F)z, E(U|R)) + tr(Al{z, X z,0€5)exm)
(18) E((AZz,Uu) |F) = (AE(Z|F;)z, E(U|Fy)u) + tr(A <z Yz, Uju> kxm)

where ¥y zu = E((Z —EZ)(U — EU)'|Fi) = [01ijlnxm and 3y z, U, = =E((Z, — EZ;)(U; — EU,)'|F)

fori=1,2,...k, j=1,2,...m and ey, ..., e, is standard basis in R™.

Proof. By proof of (16) follows by straightforward calculation

m

E((BZ,U) |F,) = ZZbﬂE (Z,U,|F) = Zzbﬂ (Zi| FOEU;|F2) + 0145)

7j=1 =1 J=1 =1

= (BE(Z|F), E(U|F)) + tr(BE, zv)-
Using (16) one can prove (17) and (18). Indeed, for (17) we have:

E((AZz,U) | F) = E(A[(Z12), ..., (Zy2)'), U) | F)
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= (AE(Z|Fo)z, E(U|F)) + tr(A[(z, Ez0€;)]kxm),
and for (18) we obtain:
E((AZz,Uu) | Fy) = E((A[(Z12)', ..., (Zr2) ], [(Uru)', ... (Ukw) ]} | F)
= (AE(Z|F,)z, E(U|F)u) + tr(Alz, Xz,0,4) ] kxm)

O
Let X; : Q = RN, ¢t =0,1,..T be a sequence of random variable. Assume that
(19) Xppn =dppn + (A+ L)X+ B+ &5 + &4 fort=0,1,2,..7 -1
Xo — known value,
where A € RVN B € RN, d, € RY are known matrices, u; is a control process, &,&8 =
[ ﬁ;ﬂ, . ,51“%,1715“]’]\”]\], = [fl PTRTI ,f}lf,/,tJrl]’]VX]V, t = 1,2,... are sequences of random variables

with conditional means and covariances defined by (H1) and (H2) below. For instance &£, is
a random row vector representing parameter uncertainty of A in the j-equation of the system
(19). Let Fo = 0(Xo,ds,...,dr) be initial o-algebra of events and for all t = 1,2....,T we define
Fi = 0(Fo, &1y &, €8 ER 8 €P) We assume that the following hypothesise holds. For all
=1,2,....,T—1and 4,5 =1,2,..., N we have:

(H1) E(Ger1|F2) = E(i 1 F) = E(&541F) = 0,

(H2) Cov(&it, i1l Fr) = 2,
COU( it+1o gt+1|}_t) 2B,
COU(Q&H—D gt+1|]:t) i g
COU(QAHM §ir1|Fe) = Baci
COU(&BHM 1| Ft) = Ze s
COU( it+10 ',t+1’ft) = XaB,i,j-
In (H1)-(H2) it is assumed that at initial time 0 the policymakers knows the conditional means,

variances and covariances between model parameters and exogenous shocks.

(20) Jr((w) <27 (QiX4, Xy) + Z’Y ( Fi Xy, ue) + % <Rtut7ut>>> )

where v > 0, Ql, ...,QT >0, Rl, ---,RT—I >0 and F{,Fy,... Fpr_; € RV xe,

The problem of minimizing (20) subject to (19) over the set of admissible controls U,

Ur = {(u)ig - up = uy(Xo, Xp..., Xy) € RS, t=0,1,..,T — 1}

is called a linear-quadratic problem with multiplicative uncertainty. Notice that for (u)l_; we

have X, ~ F; for all ¢ and hence u, ~ F;.
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Theorem 2. If the sequence of matrices Ry, t = 0,1,...,T — 1 defined below by (26) is positive
definite, then the value function for the linear-quadratic problem with multiplicative uncertainty is
of the form:

1

(21) Vi(z) =~ <§ (Kix,z) + (p,x) + vt> , t=0,1,...T

where

(22) ’Ct = Qt + ’)/GA(ICt+1) -+ ’}/A/’CtJrlA - ’}/A/]CtJrlBRt’)/BIICtJrlA - F;Rt]Ft
— VG uB(Ki1 ) Ry Glp(Kita)

(23) pr=-— (7A'l€t+1183 + IF; + 7G e (K1) Ry (VB/(ICtHdtH + Pey1) + ”/GBg(KtH))
+ YA (Kip1disr + per) +7Gae(Kisn)

1 1
(24) v =V + <§/Ct+1dt+1 + Pit1s dt+1> + EWT(’CtHEf)

1
- <§Rt (VB (Ker1dir + pe1) + 7G5 (Kii))) , vBL(Kisrdess + peea) + VGIBg(/Ct+1))>
Kr=Qr, pr=qr, vr=0.

Moreover, the solution to the linear-quadratic problem with multiplicative uncertainty is given by
(25) 'LL;k = GtX: + [

Gy = —Ri (VB A + Fy + 7G5 (Kii1))

gt = —Ri(VB,(Kis1dir1 + pes1) + 7Gre(Kiia)),
where
(26) Ry = (R +7G(Kir) + vBKeaBy)
and (X7 )i=o1,..7 is the optimal state sequence:

X = dip + (A + L)X+ (B + & )up + &
XS == XO

fort=0,1,....,T — 1.

Proof. We use the dynamic programming principle (see [Whittle, 1996], [Zabczyk, 1996]). Let

Vi, Vir_1, ..., Vo be a sequence of value function defined by:

Vil@) =" inf (5 (e, 1) + () + 5 oty ) + B Ve (Foa (3, 0)| 7)),

u€eRe

Vila) = (5 (@ra.2))
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forallz € RN, ¢t =0,1,...,T—1, where Fyi1(z,u) = dps1 + (A+ &2 )z + (B+ &2 )u+ &y Notice
that (21) is satisfied for 7' with K7 = Qp, pr = 0,v7 = 0. We assume that (21) holds for t+1 < T
and we calculate V;. Observe that

(21) E(Vors (Foon (2, 0) 7)) = 7 (SE(Ker B (2, ), Foa () | )

+ E({prr, Foa (0, 0)) | F2) + E(ven F))

where

(28) E(Kiy1Fip1(x,u), Fiyq(z,u)) | F) = (K (divr + Az + Bu) , dyyq + Az + Bu)
+ 2E((Kip1 (dpsr + Az + Bu) & 2 + & u+ &) | )
+ E((Ki1 (0 + v+ &) & + Equ+ &) | F)
By (H1) the second term in the above equation vanishes. Using (H2) and Lemma 1 the last term
can be decomposed as follows
E(<1Ct+1 (gﬁlx + §P+1u + §t+1) fﬁrﬂ + §]tB+1U + 5t+1> | F1)
= (2, Ga(Ke1)z) + (u, Ga(Kep1)u) + tr(Kep1Xe)
+2(z, Gag(Kir)) + 2 (u, Gre(Kig1)) + 2 (@, Gap(Ker)u)

where the uncertainty operators G, : RY — RVN Gp : RN — R¢ Gy : RN — RN, Gpe : RY —
R¢, Gypp : RY — RV*¢ are defined by

(x, Ga(K)y) = (K& 2, &y) | F) = tr(K (2, Saw)lvsn), or Ga(K) => > kS

i=1 j=1

(u, Ga(K)w) = B((K& u, & w) |F) = tr(K[(u, S w)]exe), or Ge(K) => Y kS

i=1 j=1

(2, Gue(K)) = (K& w, &0a) |F) = tr(K[(x, Zagie;)nxn), or Gae(K Z Z kijYae e
=1 j5=1

(u, Gpe(K)) = B((K& u, &) |Fr) = tr(K[(u, Zgeies)nxn), or Gre(K Z Z kijYme i€
=1 j=1

N N

(, Gap(K)u) = E(<K§§+1$7fg1u> | Ft) = tr(K[(z, Zapiu) nxn), or Gap(K) = Z Z Kij2am .5
i=1 j=1

for all K € RV*N 2. 4y € RY and u,w € R°. Applying the definitions of uncertainty operators in

(28) and then substituting (28) in (27), we obtain:

Vi(z) =+ inf (% (Quz, z) + (Fyx, u) + % (Ryu, u) +

ueRe
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1 1
v (@, Ga(Kyr)z) + 57 (u, Gp(Kiz1)u) + Q’W"(’Ctﬂzé)
T, Gae(Kig1)) + 7 (u, Gre(Kiy1)) + 7 (2, Gan(Kiy1)u)

Piy1, ey + Az + Bu) + ’Wt+1> .

o~ o~

After the rearrangement we have

(29) Vi(z) = fyt( inf (% (R; 'u,u) + (u, a) > + % (Qi + YA'Ki 1A + vGp(Kiir))w, )

ueRe

(VG ae(Kis1) + YGap(Kit1) + YA D1, @) + Yvier + v (Pes1, des)

1 1
+ 57 (Ktsrdiyr, diy1) + §7t7’(’Ct+125)>

where
a = (YB'Ki1A +F, +1Gp(Kigr))x + VB (Kisrdigr + pre1) + 7Gre(Kiga),

and where R; is given by (26). Hence solving the above optimization problem we obtain the

optimal control u; = Gyx + g, with
Gy = —Ri (VBKip1A +Fy + G (Kiga))
gt = —Re(VB' (Kis1dis1 + pigr) + 7Gre(Kita)),
Finally, the optimal value of V;(x) takes the form
1 1
Vi(r) = 7t< D) (Ria, a) + 2 ((Qr + YAK 1A 4+ yGa(Kiga))z, )
+ (VG ae(Kip1) + yA'Kiadigs + YA D1, @) + Y0e1 + 7 ey, diga)
1 1
+ 57 <’Ct+1dt+17 dt+l> + 5’)/757’(/@5“25))
where
(Ria, a) = (Ri(VB' KA + Fr + Gl (Kiin)) 2, VB K1 A + Fr + G (Kit)z)

+ (Re(VB' (Kigrdis1 + pes1) + 7Gre(Kis1)), VB (Kis1digr + pre1) + 7Gre(Kig))
+ 2 (Ri(YB'Ki1 A + Fr + 1G5 (K1), Y B (Kev1digr + prir) + 7Gre(Kiir)) -

After rearrangement we obtain (21). O

APPENDIX B

We assume in Section 3.1 that the model parameters at interest rate and state variable are
assumed to be random variables. In order to conduct the experiments with optimal and robust

policy we estimate the first two moments of model parameters by means of the ordinary least square
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(OLS) method'?. Let us recall that for VAR models OLS estimators of the following parameters
are consistent and asymptomatically normal and uncorrelated with model exogenous shocks. But
in the finite samples they are biased in mean, and their variances and covariance are correlated
with exogenous shocks (cf. [Judge et al., 1988]). OLS estimators of A = [A;, Az, A3]',B =
[B1,By, B3], X, 2,4, meB, Y AB, Ym.ASe, L Bze are given by

(30) [A,.. B,] = Projy(X'X)"'X'Y,,)
A 1 A A
31 Y=—-¢-F
(31) N
(32) ~ A 2 AB | = Yimm * PT0j4(X/X)_1,
E;n,AB 0"m,B

- 7 N

Z A=e 1 ~ )
33 R = —— ) =6 Proj,=e (XX) T
( ) Em,Bge N—7 tzz; m.t r0j4 m( )
for m = 1,2,3 (m is number of the equation) and where X = [Y_;,i,1,0il,0il 4]7xn, Y =

(15 Yo; s yn] = (Y1, Yo, Yalaun, You = [yo; v15 5yl 1= [d0, i1, s iva]', 1= [1,1,.., 1], oil =
otly, 0tlsy, ..., otln|", oll_; = |otly, 0ily, ..., 0tly—_1|" are the matrices consist of samples ol state an
1y, o1l x|, oil 1o, o1l 1) ! h i i f 1 f d

control variables and Z¢ = [éf, o EAQT]’ = are the residuals i.e. Zf = y; — U, ¢ = X[A, B, &, Co, Cl]
for t =1,2,...,N.1

120ne can use any estimation method of the model eg the Bayesian technique and then use the posterior variances
and covariance of model parameters to construct the uncertainty operators.
BFor any k,n € {1,2,3...} such that n > k let us denote by Projj the canonical projection from R" to R¥ or from
M(n,n) to M(k, k) defined by taking the first k or k x k coordinates from its argument.

b

MFor a matrix { Z Z ] we use a simplified notation: { ch d ] = la, b; ¢, d]



